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Reasoning/Chain of Thoughts:
https://arxiv.org/abs/2201.11903
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Standard Prompting Chain-of-Thought Prompting
Model Input Model Input

Q: Roger has 5 tennis balls. He buys 2 more cans of Q: Roger has 5 tennis balls. He buys 2 more cans of
tennis balls. Each can has 3 tennis balls. How many tennis balls. Each can has 3 tennis balls. How many
tennis balls does he have now? tennis balls does he have now?

A: The answer is 11. A: Roger started with 5 balls. 2 cans of 3 tennis balls
each is 6 tennis balls. 5 + 6 = 11, The answer is 11.

Q: The cafeteria had 23 apples. If they used 20 to

make lunch and bought 6 more, how many apples Q: The cafeteria had 23 apples. If they used 20 to

do they have? make lunch and bought 6 more, how many apples
do they have?

Model Output Model Qutput

. ; A: The cafeteria had 23 apples originally. They used
A: Th 27.
e answeris 27. 3¢ 20 to make lunch. So they had 23 - 20 = 3. They
bought 6 more apples, so they have 3 +6 =9. The
answeris 9.

v
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Tool Use/Function Calling:
LLM B EBY —ILZFIHTE D LS(CT D2 ET. LLMOERFEEBZILET DFE

FZ (. LLMIEZO— RZZE(FTBINEDOY — )L ZFIH TEBINETIEI TEFEFEFA. I— ROEITTEDIHNEY—IL
ZLLMMEZX B LDICIRDBCET. LLMOFERTEDI IR DIEIARELLILEMNDET,
EE5AALMIETF A MOERKUMNTETEFLADT., ERICY—ILZEITUTWVBIDITTIEHDEE A,

Developer
[TO 0] I. U se Ojiﬁn] o Tool Definitions + Messages
1. LLMICHR D &Y —)LDFHRBAREN S ZIE T | — e
2. LLMD\‘\\J _) I/@%Uﬁﬁ %EI{'J Iiéﬁ L/ . \\J _) I/%'If—_l_-gl |J %;\}Ej What's the weather in Paris?
3 W URSEAT ST —LEFOI b OAHBH DRI T E), o
%%%b\\i}zé I & get_weather(“paris”) I I
4. FERZLLMITET
e Execute Function Code
get_weather(“paris”)
https://platform.openai.com/docs/gquides/function-calling \L
aws 27
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[Tool UseDifii]

1. LLMICH RO &Y —I)LDRAPEN S ZIE S

2. LLMDYY —)LOFAZHIRT L. W—ILEITIOTUZIET

3. W—ILAEITENT(Y —ILETDIZODEEAH B TRE).

FERMNIR D

4. 3 EBEELLMICES LLMI(ZE Y —)LDsRERDHA

r
JSON

{

"name": "get_stock_price",
"description": "IEEESNET A v A— VRINDOREOKRMERBLET., T4 vHhH—3 2K
"input_schema": {
"type": "object",
"properties": {
"ticker": {
"type": "string",
"description": "#RT 4 wh—3,2KIb, B : Apple Inc.dDiFE(FAAPL"
}
},

"required": ["ticker"]
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REACT: SYNERGIZING REASONING AND ACTING IN LANGUAGE MODELS

https://arxiv.org/pdf/2210.03629
Reasoning (i) + Act(fTEN) ZLLMICEES B S EI(CELD T, LLMHBMTEIDRBRZHTL. TNZ
HECRDITEIZT S EVNWS"BENR"ITEDLSIBREDERRTS. LULWDFETY

DZED. Reasoning&Tool UseZfEAHENTE T, LLMAEEZ SITE - TEIDERZEZRTEZSDIL—T
ZIRRDIRT CETHRIDZEFRRUEXT
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Gartner,
“Top Strategic Technology Trends: agentic Al — The evolution of Experience” February 2025
“Top strategic Technology Trends for 2025,” October, 2024.
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Amazon Bedrock(C CIILN AR —> RTIHESINTLIEETEST)L

Al21labs

Highly efficient
processing & grounded
generation for long
context lengths

H MISTRAL
AT_

Specialized expert models
for agentic reasoning
and multimodal tasks

MISTRAL
MIXTRAL
PIXTRAL

amazon
~—

Frontier intelligence
and industry leading
price performance

@OpenAl

Automate tasks,
enhance creativity,
and solve complex
problems efficiently

GPT-0SS

ANTHROP\C

Excels at complex
reasoning, code
generation, and
instruction following

& poolside

Software engineering Al
for large enterprises

Coming soon

® cohere

Powering efficient,
multilingual Al agents with
advanced search & retrieval

COMMAND
EMBED

RERANK

Advanced reasoning
with agentic
intelligence
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& deepseek

Advanced reasoning
models that solve complex
problems step-by-step

DEEPSEEK

stability.ai

Professional-grade
images with creative
control, deployable
at scale

STABLE DIFFUSION
STABLE IMAGE

¢ Luma

High-quality video
generation with natural,
coherent motion &
ultra-realistic details

Twelvelabs

CTRL + F for video data:
unlock the full potential
of enterprise video assets

MARENGO
PEGASUS

N Meta

Advanced image and
language reasoning

WRITER

Purpose-built models
for building and
scaling Al agents
across the enterprise

PALMYRA
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